Deep convolutional neural networks to identify skin cancer
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Melanoma represents fewer than 5% of all skin cancers, but accounts for
75% of skin cancer related deaths [1]. Early detection profoundly increases
survival rate. Diagnosis begins with visual examination that reveals a or d
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neoplastic with 95% accuracy classify clinical dermatology images by finetuning, decreases accuracy
to 67%. Although accuracy decreased, malignant and benign can still be
identified with a fraction of the data available -1000 images. We
foresee further improvements with more data extraction and repeated
finetuning.
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Scraped images are procured photos of high quality. To deploy the model
within a real world setting, we have to fine tune on clinical images.
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